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mode ≡ most likely relative pose:

Inference: Tempered Geodesic MCMC (TG-MCMC)
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(a) Madrid Metropolis (b) 3D Reconstruction (c) Uncertainty Map𝑆3 is a parallelizable manifold:
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𝛽 = 1 : SG-GMC [2]
𝛽 → ∞ : Riemannian-GD + Momentum


